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ix s )io n 

 1 2, , , px x x x s tss no n jx sIo snt so ssycg t nontse nw lg Is tss y st cn I tns

n n lontssIs ss c ts tnse nw lg ss(o n tsn u ss gd Is1sons-1.)  
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awIn to ss nnwo gsl ni  tssowtnIsstssno sgwt sI c n non  
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I c n nonss swIs o s  n ns N -1.  

 scowtnsi  ut IIssglonwno sng IIw wo nwots o ssdos Binary Classification  

 enhherS iS prrS cpS se  eipue evrhp: 
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sns i Is oo cg n ssIdll Inwotsy tts no ssglonwno Isnos g  ntsloss s os  wtssgwt s

n Iogdnwotsws  gswtscn onwo gsI  Iotsa n s no s o s  oIns w conn tnssglonwno s

  oowt se ononsedcconn ns SVM . 

sahSr ce  Srvu eec  

 Srvupue enhSvrprSc ua  Supervised Learning 

ss   ts osnn wtwtlssglonwno sotsa n s wng ss Labeled s ttsa n sstoo  sstssno s
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 Srvupue spS SupruoSvs Reinforcement Learnings 

sns   tIs osno nssglonwno snodsg  nts no sgtstodnI g swnI g sstsss ns wIn u Is.  
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con I sotsIntg soogg onIsl ni  ts o ontsen nwInwoIsstss  sdo nwots o s i e sls

a e goc ss no sl  on sn I  noo nsssldwgnstods Vapnik s1998slsa c tsIsots tsws  s

sglonwno s  oowt se ononsedcconn nsssotse  noosotsl nn nsno ss osswews sa n snos

 ioslnodcIsgtscdnnwtlssg e gsssn cn I tns hyperplane sg ni  tsno  ss nn ssgoous

otst ndn sa n sio no nseo si Is wsiw  ssons I c n nwotsgwt  nsonstos ss n sgw Is

Iodno ssnIsInn tlnos.  
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 rvepu Margin 
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  oowt se ononsedcconnsgwt  nwnts Linear SVM 

con I sotsng IIw w ss classifier s ssns wIs sot sdI s wns os I c n n sa n sno nssns wIs

oo n on nws ssltsno ns wns wsiw  ssons I c n nwotsgwt  ngts Iswtseo c sno st ynslts

g e gsedc nssycn II IsotsInn wlonsswIs wIIwotsI  Iotslnodcsa n snos ioslnodcIs.  
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 rd nwots o sgwt senn wlonsno nsa n wgs owIswIs   swtlsa n sg Ins cc  n to s  tl s
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con I sotsng IIw w sssnswIssot sdI swns osI c n n sa n sno nssnswIsoo n on nws sslts

no nswnstons wsiw  ssonsI c n nwotsgwt  ngtsltsInn wlons Iswts o s oggoiwtls wldn swIs

o gg ssnowIsng IIw w nss Non Linear SVM Classifier s ttsng IIw w ss  oowt se onons

edcconn nsstonsgwt  ns.  
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cnwtowcg sodnn totsIn n Isotsnn tI on  nwotslnodcsa n sno nsn so e s no ssnIsIc o s

cn I tns tts no sodn nsIc o slwg n n gsaw  tIwotsnosIc o sowlo nlsio n sn so ts

I  Iotsa n sstss swInwtldwIos wnss . o n  on s sen nnssglonwno ssts  si tsnos ntwtls

 sswnwots  n nsnownsssonss n s sg ns Z be no scnol lwgwnts wnInsstss no ts  Inslnodcs

a n ssonn IIswtsIc o snnwc nnwn saw  tIwotIs X,Y,Z  n sss l o   s wsiw  ssons

I c n nwotsonstos?sssw se nw wo nwotsnotswnwots o tsgoouwtls onssglonwno sotsg e gs

ocnw d sedwn lg s on ssons no s cnoo IIsno s oo cn ns  tl sg e gsnnwc nnwn s

aw  tIwotIssons tnonoco oncowosIc ow wolsstssw sswsstonsssnswIs oow e ssnotswnwots

sns wIssot s sswnwots  n ns odnnosg ns M l sno scnol lwgwntsI ootssg nswnsl s M  tss

no ts  Inslnodcsa n ssonn IIswtsIc o sdd ssaw  tIwotIs X,Y,Z,M  n sssl o   s

 wsiw  ssons I c n nwotsonstos sstss Ioss …wns ootnwtd Is.ssglonwno sgts  sswtls

aw  tIwotIsdtnwgssnnwe ssons no s In l sg oo  snwnos wnsa n s wsiw  ssons

I c n nwotssstssnowIs o s  noosssnswIso gg ssno ssl nt gs Method. 

n sl lwts ntwtlscnol lwgwnts sswnwots  n nsnownslsgdns o srd Inwotsno s w conn tns

no ns wIs wnssnIs  rd nwot?sgts olI ne nwots sn s o e slnodcsa n s swtseo c sno s

cn ewodIsg e gsocnw d s o sl Ins osI c n n swnso sownog ss o n  on sg s rd nwots

aw  tIwotsno snownsssIs oggoiIs:  

2 2Z X Y  s 

no nscn onwo gs sswnwots  n nsnownssss   tsnwnos wns sswnwots   ndn s ownsssons s n ss

 ttsotsi tssy  cg sw ss si Is no so nssaw   n tnw nwotsl ni  tsends tnIsdIwtls

s  ndn sno s l sstssno sg tlnols o tsn s sss   ndn sno si wlonssIs ts sa onwe s

 ownss ossw   n tnw n ss. o n  on sssl o   slnodcsa n s-ss n ns sswnwots  n ns ownss

-s wsiw  ssonsI c n nwotsltsg e gsedc nssycn II Isotsg e gsnnwc nnwn saw  tIwots Is

wtseo c sno st yns.  
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a n s no sIc o snnwc nnwn saw  tIwotsnosIc o slwg n n gsaw  tIwots ttsn nsnwsso s

 no saw  tIwotsno snownss Z s no ssdnwtlslwe swnsnosow ss gd sot sn siwggsl nsots

ownog s ggsscowtnIsa n snotn tnsstIws swnsg gotlIsnosnosng IIw tssowtnIsnn  tss.stss

sowtnIsn   wtwtls o s wtows tnsndnIws sg gotlIs nosnosng IIw tssowtnIst ss Iswts

eo c sno st yns.  
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sver 

snsionuIssts si ts    onwe ssiwnosa n s o s wsiw  ssonsI c n nwotsgwt  ns ttsno ns

nits  nlwtsI  Iotsng  n  

nwe sn IdgnIs on s oodn ots swtsnotswnwotss s i Istd l nssse tn l Isa n s

 n wtwtlssgwls . 

nwe sn IdgnIs on s oodn ots swtsnotswnwotss s i Istd l nssse tn l Isa n s

 n wtwtlssln  n ns no std l nssy  cg Is n wtwtls . 

snIs   wow totsswlosg o dI swnswIsdI ssc nns no sa n s n wtwtlsswtsn u ss owIwotssns

   tIsnwnosno ns ssns wIssot snosooooI sg e gsocnw d s o sl Insa c tswtlsotsots

cowtnIsa n s o s wtows tnsotss ononIsedcconnwe sotgtsstss tonsa c tswtlsotsots

oo cg n sa n s n wtwtls . 

sSercprSr 

tossnsionuIssts  si tsloosss ntsio tss s wIsn s o e slnodcsa n sgwlsl o dI s

adn nwots   con gsst o II nts osnn wtso nsswlos . 
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